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Evaluation of the Parallel GP Algorithm for Inference of
Genetic Network
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Inference of genetic networks is mainly to infer the mutual control relationships from multi-
ple genes from the gene expression data. Such correlations are typically expressible in the form
of nonlinear simultaneous differential equations. However, most work to date has employed
S-systems as an expression of such differential equation, allowing only rough approximations
of mass actions, and as such it was difficult to determine the actual correlations between
the genes. Instead, we formulate the mutual interactions as actual simultaneous differential
equations, and automatically determine its structure and coefficients using genetic program-
ming (GP) from a given data series. When we evaluated the technique adopted as coefficient
optimization of the system, the introduced technique has searched for the equation efficiently.
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