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Continuous MapReduce implementation with SSS-MapReduce
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Abstract: We propose a MapReduce based stream processing system, called SSS, which is capable of pro-
cessing stream along with large scale static data. Unlike the existing stream processing systems that can
work only on the relatively small on-memory data-set, SSS can process incoming streamed data consulting
the stored data. SSS processes streamed data with continuous Mappers and Reducers, that are periodi-
cally invoked by the system. It also supports merge operation on two set of data, which enables stream
data processing with large static data. This paper describes overview of the stream processing with SSS and
shows preliminary evaluation results. The results showed that, on the proposed system, one node can process
0.14Mi records/sec at peak, but in average the throughput goes down to 0.095Mi records/sec, because of the
interfere from the Mapper that is periodically invoked by the system.
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