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Abstract We have been implementing a MapReduce system called SSS aiming at highspeed and highly capable
MapReduce framework. SSS is implemented on distributed Key-Value store and allocate computation based on
Owner Compute model. So far, we have evaluated SSS using synthetic benchmarks and application core benchmark
and confirmed that it is fater than Hadoop for most situations, but the performance for real-world applications are
not proven. In this paper, we evaluated SSS using a real-world application to mine sequential patterns from large
dataset using PrefixSpan method. The results showed that SSS outperforms Hadoop in general and SSS still has
room to improve performance by adding worker nodes while Hadoop does not have.
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