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Abstract Sawzall is a script language designed for batch processing of large amount of data, which is introduced
by Google in 2006. The processing model of Sawzall is the MapReduce. Sawzall allows programmers only to pro-
gram 'mappers’ to ease the burden. Sawzall provides a set of ’built-in aggregators’, from which programmer choose
reducing function. We implemented a Sawzall processing system called SawzallClone for Hadoop and SSS; our own
implementation of MapReduce. SawzallClone compiles Sawzall code into Java code, which will be compiled into
bytecode and works with runtime library on the MapReduce systems. In the paper, we provide detailed imple-
mentation of the system. We compared the system with Google’s open source implemntation called ’Szl’. We also
evaluated the language overhead coparing programs written in native SSS API. We confirmed that, the performance
of SawzallClone is comparable with Szl, and while the system introduces certain language overhead, it is acceptable
regarding the easiness provided by the layer.
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